Psychotherapy Research, January 2007; 17(1): 1-14

PRESIDENTIAL ADDRESS

§ Routledge

Taylor &Francis Group

Presidential address: What we have learned from a decade of research
aimed at improving psychotherapy outcome in routine care

MICHAEL LAMBERT

Department of Psychology, Brigham Young University

(Received 18 August 2006; revised 23 September 2006; accepted 24 September 2006)

Abstract

The findings of a decade-long program of research aimed at tracking patient treatment response are summarized. Outcome
measures were developed and applied on a weekly basis with patients undergoing therapy in routine practice. Treatment
response was defined as reliable and clinically significant change, and longitudinal statistical models for identifying poor
progress were applied. The author was able to estimate the amount of therapy necessary for recovery, study early dramatic
improvers, and assess the consequences of providing practitioners with alarm signals when patients were off track for a
positive outcome. Results indicate that integrating treatment response research into routine mental health care reliably
improved positive outcomes and reduced negative outcomes. Future directions for this line of action research are suggested.

The effects of psychotherapy have been found to be
generally positive across a variety of studies and over
a substantial period of time dating back to the 1930s
(Lambert & Ogles, 2004). Considerable effort has
been made to further improve patient outcomes; the
most touted attempts take the form of controlled
comparative outcome studies using clinical trials
methodology and treatment manuals that carefully
define and prescribe therapist actions. Results from
these studies have led to recommendations for best
practices (specific treatments for specific disorders)
based on criteria proposed by a variety of scientific
committees. Such recommendations have met with
considerable controversy and stirred widespread
debate about the wisdom of assuming that effective
treatments can be so simply defined and delivered.
Even if one were to accept the idea that the
delivery of the right treatment for the right disorder
had an appreciable consequence for patients seen in
routine care, it is also clear that these same treat-
ments are occasionally harmful or result in no
detectable change in some patients. In randomized
clinical trials (RCTs), in which treatments are
offered by carefully selected and closely supervised
therapists to carefully screened patients with a

specific disorder, about 35% to 40% of patients
experience no benefit and a small group of patients,
perhaps between 5% and 10%, deteriorate (Hansen,
Lambert, & Forman, 2002).

In our program of research, we have endeavored to
improve psychotherapy outcome in routine care
through monitoring patient progress and providing
this information to clinicians in order to guide
ongoing treatment, especially for the patient who is
not having a favorable response to treatment (not-
on-track [NOT] cases). This research is an extension
of quality-assurance action research and represents
one effort to bridge the gap between research and
practice while enhancing patient outcome before
treatment termination. It is also well suited to
models of care in which clinicians attempt to step
up or step down the intensity of treatments after
assessing a patient’s treatment response (Otto,
Pollack, & Maki, 2000). I have documented here
our progress in enhancing patient outcome by
describing how we have operationally defined out-
come, treatment success and failure, and our experi-
ence with monitoring treatment response and
feeding back this information to therapists and
patients before treatment termination. In addition,
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some important incidental findings that have rele-
vance for practice are presented.

Defining Outcome

Our program of research began with the develop-
ment of a suitable but brief (5—-10 min) outcome
measure, the Outcome Questionnaire-45 (0Q-45;
Lambert, Morton, et al., 2004), which provides both
a measure of weekly change as well as the criterion
measure for classification of a patient into outcome
categories (improvers, no changers, and deteriora-
tors) after treatment. It was designed to assess four
domains of functioning: symptoms of psychological
disturbance (mainly depression and anxiety); inter-
personal problems; social role functioning (e.g.,
problems at work or school); and quality of life
(positive aspects of life satisfaction). Factor analysis
of the OQ-45 has confirmed the presence of
symptom (depression, anxiety, and somatic), inter-
personal, and social role subscales but also that a
general mental health factor is described by the total
score (de Jong et al., in press; Mueller, Lambert, &
Burlingame, 1998). Even though the diverse ele-
ments of outcome measured by the scale have been
validated, we have focused our outcome studies on
the total score because of the small number of items
that have been used to measure some factors.

Two large-scale studies have shown that the
0Q-45 items, subscales, and total score are sensitive
to change in patients over short time periods (9
weeks) but remain stable in untreated individuals
(Vermeersch, Lambert, & Burlingame, 2000; Ver-
meersch et al., 2004). We consider these sensitivity
studies as good examples of one of our unique
contributions to methodological advancements in
scale development. Through the collection of weekly
measurements of patient progress, we were able to
assess the speed of change on each item of the OQ-
45 and its value as a scale for change measurement
(in contrast to usual procedures that emphasize
diagnostic value or usefulness in treatment plan-
ning). Based on these studies, the OQ-45 appears to
be well suited for tracking patient treatment re-
sponse and can be used on a weekly basis with
limited test—retest artifacts (Durham et al., 2002).
Both these studies suggest that changes on the OQ-
45 subscales do not occur at the same speed;
changes in interpersonal functioning lag behind
changes in symptoms and social role functioning.

A series of studies have provided information
about the psychometric properties of the OQ-45.
The internal consistency of the OQ-45 is persis-
tently high (¢ =.93), and the test—retest reliabili-
ty typically produces coefficients of about .84
(Lambert, Morton, et al.,, 2004) in untreated

individuals. Concurrent validity of the 0OQ-45
has been demonstrated through correlates with a
variety of scales (e.g., Symptom Checklist-90-R
[Derogatis, 1983], r=.78; Beck Depression Inven-
tory [Beck, Ward, Mendelson, Mock, & Erbaugh,
1961], »=.80; Inventory of Interpersonal Problems
[Horowitz, Rosenberg, Baer, Urefio, & Villasefior,
1988], r=.55; Social Adjustment Rating Scale
[Weissman & Bothwell, 1976], r=.56). These
psychometrics have held up across a variety of
cultures (e.g., Mexico, Chile, Puerto Rico, Ger-
many, Netherlands, and Italy) and languages other
than English.

The norms for the OQ-45 are based on data
collected nationally (Lambert et al.,, 1996; Um-
phress, Lambert, Smart, Barlow, & Clouse, 1997)
and indicate that it discriminates well between client
and nonclient samples. This is important because an
essential aspect of our program of research involves
using these normative data to understand the clinical
significance (recognizable, substantial, and practi-
cally important) of change for each patient. Using
formulas developed by Jacobson and Truax (1991),
clinical and normative data for the OQ-45 were
analyzed by Lambert et al. (1996) to provide cutoff
scores for the reliable change index (14 points) and
clinically significant (CS) change (dysfunctional/
functional cut-off: 64/63). This latter cut-off score
requires that the patient score within 1 SD of the
mean of normal functioning (M =45). Individuals
are defined as recovered when they leave therapy
with an OQ-45 score that has improved by at least
14 points and is below 64. Patients who improve
by 14 points are considered improved and those who
worsen by at least 14 points are regarded as
deteriorated if they leave treatment in the dysfunc-
tional range. These cut-off scores provide a means
for individualizing change at the end of treatment
and follow-up and can also be used to raise questions
about the necessity of further treatment. They have
the advantage of providing absolute standards for
classification that apply across all studies we conduct
rather than having standards of improvement and
deterioration that are sample specific and vary from
study to study.

Support for the validity of the OQ-45’s reliable
change and clinical significance cut-off scores have
been reported by Lunnen and Ogles (1998), Beck-
stead et al. (2003), and Bauer, Lambert, and Nielsen
(2004). This research suggests that the Jacobson—
Truax formulas provide a sound basis for estimating
cut-off scores and that classification of change based
on other measures results in considerable consensus
with OQ-45 classifications. Despite this encouraging
evidence, much additional work is necessary to
understand the relationship between these cut-off



scores and their practical meaning for overall patient
health and well-being.

In the course of collecting weekly outcome ratings
from patients undergoing treatment in routine clin-
ical practice, a number of findings have emerged that
have clear implications for social policy and theore-
tical concerns. Before highlighting the research
aimed at improving outcomes for specific clients, I
address several important findings.

Treatment Length

The amount of psychotherapy necessary to bring
about positive outcomes has been a concern for
decades and remains a topic of serious debate
(Lambert, Bergin, & Garfield, 2004). Early concerns
about excessively long, mainly psychodynamic ther-
apy resulted in rejections of this form of care in the
community mental health movement that emerged
in the 1950s and 1960s because long treatment
lengths were associated with unacceptably long
waiting lists. Traditional long-term psychodynamic
treatments were shortened, with numerous planned
short-term therapies (25 or fewer sessions) being
developed and advocated in the 1960s. More recent
concern about treatment length has been associated
with the management of skyrocketing medical costs
and based on the assumption that positive outcomes
can be achieved with few sessions. The usual method
of cutting costs in the United States has been to limit
treatment to four to eight sessions, providing stan-
dard limits for all patients.

It should be noted that many organizations claim
to be delivering evidence-based services while ignor-
ing the fact that the clinical trial treatments that they
are attempting to duplicate were based on 12 to 14
sessions, not four to eight sessions. Even a casual
observer of the worldwide diversity of policy and
practices concerning treatment length might be quite
puzzled at the absence of the use of empirical data to
shape important policy decisions concerning treat-
ment length. In our mind, treatment length is most
appropriately driven by patient treatment response
rather than theoretical or cost-based decisions. How
much therapy is enough?

Unfortunately, empirical data have not been
particularly clear on this issue. For example, of the
156 studies published from 1950 to 1992 on this
topic, 100 indicated a positive relationship between
therapy duration and outcome and six indicated a
negative relationship (Orlinsky, Grawe, & Parks,
1994). This correlational evidence is often used to
support the general clinical belief that longer term
therapies provide more benefit than short-term
therapies and offers some assurance that longer
therapy is better than shorter therapy; however, it
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provides little guidance about how much therapy is
enough. In addition, the actual size of the correla-
tions, although statistically significant, are very small
(r<.15) and could support a conclusion that treat-
ment length is relatively unimportant to positive
patient outcome (see also Shapiro et al., 2003).
Correlating the number of sessions patients have
with eventual treatment outcome does not prove to
be very informative for establishing policies for
setting session limits.

Howard, Kopta, Krause, and Orlinsky (1986)
made an early attempt to address the question,
“How many sessions are required to produce mean-
ingful change?” and suggested that 50% of patients
derive such a benefit by the ninth session and that
the dose—effect relationship in psychotherapy could
best be characterized as negatively accelerating, a
finding that is usually interpreted as indicating that
each successive session of therapy has less impact on
a patient’s well-being. Following the lead of these
researchers, we addressed the issue of dosage in an
attempt to shed further light on the relationship
between number of sessions received and patient
benefit, with the advantage that we used a standard
definition of good outcome and session-by-session
data rather than statistical modeling based on pre—
post data.

Survival Analysis

Using data (N >6,000 patients) from a variety of
U.S. clinical samples that received routine clinical
care (ranging from employee assistance programs to
community mental health centers), we have pub-
lished five studies that estimated the dose—effect
relationship (Anderson & Lambert, 2001; Hansen &
Lambert, 2003; Kadera, Lambert, & Andrews,
1996; Snell, Malllinckrodt, Hill, & Lambert, 2001;
Wolgast, Lambert, & Puschner, 2003). In each of
these studies, patients rated their functioning at each
session of treatment on the OQ-45. Our standard
definitions of reliable and CS change were used as
dependent variables (the binomial event of interest),
and the Kaplan—Meier survival analysis statistic (or
related technique) was used to provide a population
estimate of the distribution model of sessions needed
to reach the event of interest (normal functioning
and reliable improvement). Across these studies, the
session at which 50% and 75% of patients reached
criteria for recovery ranged from Session 11 to 21
and Session 25 to 45, respectively.

These data provide an important source of in-
formation for policy decisions aimed at limiting the
amount of psychotherapy a patient may receive.
These data also allow government agencies, insur-
ance companies, employers, clinics, and consumers
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to understand the consequences of such policies.
The findings suggest that limiting treatment to four
sessions, a common practice, will result in insuffi-
cient treatment for the vast majority of patients.
Even policy decisions that permit more than twice
this amount of treatment cannot be justified on the
basis of empirical findings. For example, data from
the directors of counseling centers at 73 U.S.
colleges and universities show that more than half
of such centers have a self-imposed session limit of
10 sessions (Stone & McMichael, 1996). Our
findings suggest that limiting psychotherapy to this
amount is likely to be appropriate for fewer than half
of the clients who seek treatment, even when the
least rigorous criterion, reliable change, is used to
define a positive treatment response. It is also clear
that such a policy is particularly disadvantageous to
the most disturbed clients, whose time to recovery is
slower and who are most at risk for personal failures,
self-harm, and hospitalization. The most important
determinant of treatment outcome is initial patient
functioning; variables such as severity, complexity of
disorder, somatization, dual diagnosis, personality
pathology, and the like are very important (Clarkin
& Levy, 2004; Lambert & Anderson, 1996).

It is also worth noting that the estimated time to
recovery for patients in routine care produces
recovery estimates that are similar to actual CS
outcomes of patients treated in RCTs (50% in 14
sessions; Hansen & Lambert, 2003). Actual CS
outcome (rather than modeled outcome) of patients
in routine care is closer to 30%, with an average
dosage of about four sessions. These data suggest the
need for providers and service managers to give high
priority to keeping patients in treatment longer
rather than setting session limits. In college counsel-
ing centers, about 90% of patients have terminated
treatment by Session 15 (Nielsen & Lambert, 2006;
Wolgast et al., 2003); the remaining 10% of clients
use 30% to 40% of the total sessions delivered.
Survival curves also show the same tendency to
flatten as the number of sessions increases, with few
patients meeting criteria for reliable change and CS
change at subsequent sessions after Session 25,
which is equivalent to 6 months of weekly treatment.
We interpret such data as indicating that if a general
session limit is set it would be more reasonable to
think in terms of 20 to 25 sessions for most patients,
depending on initial severity and treatment setting.

Although setting general session limits has great
advantages for managing costs and making the life of
administrators easier, it is not to the advantage of
most patients and diminishes the overall value of
services, especially for the most disturbed patients.
Our data suggest that the highest quality of care will
be provided by monitoring each client’s treatment

response and making treatment length a function of
treatment response and mental health status rather
than arbitrary or theory-driven limits. Limiting
treatment in such a circumstance requires frequent
assessment of patient well-being and would be
instigated only when it becomes clear that no further
progress can be expected if a patient continues to
receive the same treatment.

Managing Treatment by Measuring Treatment
Response and Outcome

An alternative to setting general session limits is to
make the length of treatment responsive to each
individual patient. A primary focus of our research
has been to understand and apply information about
usual treatment response in routine care through the
use of longitudinal data analysis

Expected Treatment Response

Survival statistics are ideal for providing estimates of
an event of interest (e.g., recovery) that can be used
to guide policy decisions. Different statistical proce-
dures are necessary to model the shape and speed of
change over time for the purpose of understanding
expected treatment response for the individual
patient. For this purpose, we have used hierarchical
linear modeling (HLLM) of session-by-session ratings
of functioning produced by patients. HLM is espe-
cially useful in analyzing longitudinal data from
routine care, a situation in which patients begin
treatment at diverse levels of initial disturbance and
have treatment lengths that are highly varied. The
results of such modeling can be examined for subsets
of patients who meet criteria for an event such as
clinically significant or reliable change (or deteriora-
tion) but are most valuable as a means of establishing
session-by-session expectations for a course of psy-
chotherapy in relation to unique levels of initial
disturbance.

Finch, Lambert, and Schaalje (2001) applied
HLM to a large database consisting of 11,492
patients treated in a variety of settings, including
employee assistance programs, university counseling
centers, outpatient clinics, private practice, and a
clinical psychology training clinic. An initial graphic
analysis of the data revealed decelerating growth
curves similar to those identified in dose—response
studies, a lawful linear relationship between the log
of the number of sessions and the normalized
probability of patient improvement, again illuminat-
ing the tendency for larger and larger doses (number
of sessions) in order to find a higher percentage of
recovered patients.



Although the data set used to model treatment
response was large, it was not of sufficient size to be
able to establish an individual recovery curve for
each intake score because the statistical techniques
require a larger number of cases for reliable model-
ing. OQ-45 scores falling at the extremes of the
continuum are quite rare. Therefore, the full range
of scores was divided into distinct groups by
percentiles. This yielded 50 groups, identified by
intake score, with no fewer than 220 patients in each
band, representing approximately 2% of the total
sample with intake score increments as small as
1 point at the group average and a larger spread
between intake scores at the two ends of the
continuum. The resulting groups of data were
analyzed using the PROC MIXED functions of the
statistical analysis system to generate a linear model
for recovery curves. This linear model allowed
comparisons of individuals even when OQ-45 scores
were missing at different session numbers and the
ultimate number of sessions, length of time between
sessions, and overall length of therapy were different
among clients. Essentially, a separate regression line
and error estimate was generated for each patient in
the analysis.

Tolerance intervals calculated in this model al-
lowed for the identification of the 10% and 15% of
patients in a given sample whose rate and trajectory
of progress, respectively, deviated significantly from
what might be the predicted course of recovery for
others entering therapy with a similar intake score.
The tolerance intervals created were primarily aimed
at identifying this 10% of the patient population who
deviate from the recovery track and formed the core
of an empirical warning system by providing table
values and charts of predicted therapeutic gains
against which the data of any given patient can be
compared. If at any session after intake the OQ-45
total score for a patient does not exceed the tolerance
interval, then therapy is judged as proceeding as
anticipated for this particular patient, and a green
light message can be given as feedback for therapists
to proceed as they have been. If the same OQ-45
score falls outside of the upper 15% and does not
surpass the upper bound of the 10% tolerance
interval, the patient is considered to be deviating
by more than 1 SD from what is expected of a typical
person at this point in therapy, and the therapist
would receive a yellow message as a warning to
attend to this patient’s progress. This 1 SD unit
approximates a 14-point increase in the OQ score
(the marker for reliable change) but varies depend-
ing on the patient’s initial level of disturbance. If this
same OQ-45 score falls above the upper limits of the
10% interval, then the patient is deviating signifi-
cantly in a negative direction from what is predicted
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at this point in therapy. The 10% boundary is
consistent with the estimate that about 10% of
patients deteriorate after psychotherapy (Lambert
& Ogles, 2004). At this point, the therapist would
receive a red warning message that therapy may be
heading toward an unsuccessful conclusion and that
the therapist needs to consider an alternative course
of action. In our program of research, we consider
patients whose treatment response crosses either the
yellow or red boundary to be alarm-signal or NOT
cases.

An opposite pattern can be described for scores
falling on the lower side of the low tolerance bands,
indicating that the individual is deviating signifi-
cantly in a positive direction from what is normally
expected at this point in therapy, and the therapist
would receive a blue message indicating confidence
that the patient will leave treatment with a positive
outcome and maintain gains for at least 1 year
(Haas, Hill, Lambert, & Morrell, 2002).

Early, Dramatic Treatment Response

Before turning to the effects of providing therapists
with alarm signals for patients who are deviating
from expected recovery, presentation of findings
concerning extraordinary positive courses of treat-
ment is in order. Few studies have investigated the
timing of response in psychotherapy. Among those
studies that have addressed this issue, the apparent
finding is that early dramatic (as opposed to delayed
or worsening) response to psychotherapy is positively
related to better intermediate and long-term out-
comes. For example, Renaud et al. (1998) examined
rapid response in adolescents treated for major
depressive disorder and found that early responders,
compared with initial nonresponders, showed better
outcomes at the end of treatment and after 1- and 2-
year follow-up assessments. Ilardi and Craighead
(1994) examined several studies of cognitive—beha-
vioral treatment for depression. They argue that
temporal changes (early rapid response) observed
during the first 4 weeks of therapy support the
notion that most changes occur before specific
techniques have been administered in any relevant
dose, a conclusion that has been challenged by Tang
and DeRubeis (1999) in their analysis of sudden
gains in depression. The findings in this area are not
limited to depression; similar findings have been
found in addictive disorders, panic, and bulimia
nervosa. For example, numerous authors have sug-
gested that early reductions in bingeing and purging
are excellent predictors of final treatment response,
with early response occurring within the first 4 weeks
(five to six sessions) of treatment (e.g., Agras et al.,
2000).
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Two significant problems in the study of early
response to treatment are apparent in the literature.
There is a lack of agreement regarding how to define
early treatment response. Among the various defini-
tions of early response, Fennel and Teasdale (1987)
utilized a median split to determine response rate,
whereas others have used a single item from a
questionnaire, the extent to which change occurred
in the clinician’s rating of improvement from one
week to the next, determining whether the clinician
rated the client as having minimal or no psycho-
pathology by Week 1 or 2 of treatment, improvement
of greater than 50% over a prespecified number of
sessions and the like. An equally important problem
is that few studies have actually measured response
on a weekly basis; therefore, most studies have been
unable to accurately identify the point in time at
which a client responded to treatment. Typically,
studies have relied on reassessment conducted at
midtreatment points in clinical trials.

Haas et al. (2002) used a unique method of
quantifying early dramatic treatment response by
using session-by-session ratings of client symptoma-
tology in relation to expected recovery curves, as just
described (blue signals). This strategy allowed for
the creation of a standardized method for determin-
ing the timing of treatment response and its size in
relation to a typical response, thereby providing a
data-based standard rather than a sample-relative
standard of early response. Data analytic techniques
allowed for examination of early dramatic response
as both a continuous and a discrete variable aimed at
evaluating the clinical significance of change.

Participants were 147 clients who completed the
0OQ-45 (Lambert, Morton et al., 2004) at intake,
before each counseling session, and at a follow-up 6
to 24 months after termination of services. The
method of identifying patients who had an early
positive response to treatment was based on calcu-
lating a difference score between the expected and
actual change for each participant; that is, each
patient’s response to treatment was judged against
that of patients who showed similar levels of initial
disturbance (i.e., had the same initial score on the
0OQ-45). Higher average difference scores indicate
an early positive response, and negative scores
indicate that a given participant responded to treat-
ment more slowly than was expected. Clients in this
study were classified into outcome categories at
termination and follow-up based on clinical signifi-
cance criteria (Jacobson & Truax, 1991).

Hierarchical regression procedures, controlling for
initial severity, were used to address the question of
whether response rate is predictive of long-term
outcomes. The dependent variable in each instance
was termination OQ-45 scores. Because it has been

shown that the severity of a disorder is related to
outcome as well as rate of response (Taylor &
McLean, 1993), the client’s intake OQ-45 score
was entered first, and as expected, initial OQ-45
scores were highly predictive of termination OQ-45
scores. Results also indicated a significant negative
effect for rate of response as measured by difference
scores that followed after entry of the intake OQ-45.
Thus, clients with faster rates of response to
psychotherapy reported lower end-of-treatment
0Q-45 scores. In the second hierarchical regression,
which used the same format but utilized OQ-45
scores at follow-up as the dependent variable, an
effect for early response and follow-up scores was
also found. Clients with faster rates of response
reported lower OQ-45 scores at follow-up an average
of 1 year posttherapy.

An examination of response rate and the clinical
outcome categories showed that early responders
were more likely to benefit to a clinically significant
degree at both termination and follow-up. These
results suggest that participants in the improved and
recovered groups evidenced a more rapid dramatic
response to treatment than those in the casualty,
deteriorated, and no-change groups. There were no
rapid responders who, at the end of treatment, were
categorized as casualty or deteriorated. Only 16% of
the rapid responders made no reliable change by the
end of treatment. The remaining 84% were either
categorized as improved or recovered. In an analysis
of the tendency to maintain gains from termination
to follow-up, participants who showed a rapid
dramatic response to psychotherapy maintained
their treatment gains after treatment termination.
The findings on early dramatic response to psy-
chotherapy shed some light on the failure to find
high correlations between number of treatment
sessions and outcome; patients seem to depart
from routine care close to the time they experience
improvement rather than in relation to planned
endings.

At present, the active mechanisms linking early
dramatic response to long-term outcomes are un-
known. They might include a “flight into health” or
other unrealistic reflections of resistance, medica-
tions beginning to work, significant reductions in
psychosocial stressors, or simply a very rapid re-
sponse to psychotherapeutic interventions coming
from insight or important realizations. Whatever the
active ingredients are, they appear to work quickly in
many cases. The timing of improvements during
psychotherapy has theoretical implications beyond
placebo explanations for change. If response to
therapy precedes introduction of theoretically im-
portant techniques, then it is difficult to attribute
central importance to these techniques in the healing



process. Early dramatic responders to psychotherapy
may be more resilient, better prepared, more moti-
vated, and thus more receptive to therapeutic
influences of any kind. Early responders may be
more likely to proceed from one problem to the next
in therapy (a sequential pattern), whereas delayed
responders continue to revisit the same therapy topic
across sessions (Fennel & Teasdale, 1987). Early
response may also indicate a better fit between client
and therapist and reflect the positive effects of the
working alliance, which often can be detected by
Session 3 of treatment (Krupnick et al., 1996).

Whatever the mechanism of change, the emerging
findings suggest that early dramatic treatment re-
sponse is relatively common (perhaps 25% of
patients) and foretells recovery and maintenance of
gains. It suggests that these patients, were their
progress monitored, could be discharged from treat-
ment after just a few treatment sessions. We could
then focus on maximizing the outcome of patients
whose early positive response cannot be detected
and, even more important, those patients who out-
right worsen during treatment.

Accuracy of Predicting Treatment Failure

If treatment failure is to be minimized, it is necessary
to predict poor outcomes before they occur. We have
conducted six studies aimed at examining the
accuracy of our predictive methods (Ellsworth,
Lambert, & Johnson, 2006; Hannan et al., 2005;
Lambert, Whipple, Bishop, et al., 2002; Lutz et al.,
2006; Percevic, Lambert, & Kordy, 2006; Spiel-
mans, Masters, & Lambert, 2006). These studies
vary with regard to patient populations, methods,
and findings. The general finding is that deteriora-
tion can be predicted before it occurs through the
use of information about patients’ initial level of
disturbance and their treatment response after one
or more sessions of psychotherapy (empirical algo-
rithms). Once these variables are taken into account,
little improvement in predictive accuracy is achieved
by adding such variables as diagnosis (i.e., what
matters most is how disturbed a patient is, not which
disorder they have or if they have comorbid condi-
tions, because both these variables correlate with
degree of disturbance), sex, age, ethnicity, type of
treatment, and experience of therapist.

The hit rate (overall correct classification rate) for
0OQ-45 feedback appears to be about .80. The
sensitivity of the predictive system is defined as the
proportion of people who ultimately deteriorate in
treatment who were predicted to deteriorate by the
feedback system. Sensitivity in our studies typically
is about .88. This means that if 100 individuals
deteriorated in treatment, the OQ-45 feedback
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system would initiate an alarm signal for 88.
Predictive accuracy is always a function of base rates
of the phenomenon of interest as well as the
predictive system used; more rare events such as
deterioration and suicide are difficult to detect.
Because deterioration rates for psychotherapy
usually hover at about 5% to 10%, hit rates for
predicting failure must exceed the baseline judgment
that deterioration will not occur (e.g., always pre-
dicting no deterioration will lead to accuracy 90% to
95% of the time).

In this context, the algorithms we have developed
show that if a patient never receives red or yellow
signals it is almost certain that he or she will not
deteriorate. The negative predictive power (the
proportion of people who are predicted not to
deteriorate in treatment who, in fact, do not dete-
riorate) is typically about .98. The positive predictive
power values are much lower, somewhere about .20.
This ratio can be interpreted as indicating that there
is about a 20% increase (over baseline rates of 8%) in
ability to predict treatment failure by using the
feedback system. These results are consistent with
validity coefficients that can be expected when base
rates are very low (Steiner, 2003).

The accuracy of empirical systems for predicting
whether a patient will deteriorate has been contrasted
with the accuracy of therapist judgment. Hannan et al.
(2005) examined therapist accuracy by asking 40
therapists (20 trainees and 20 experienced profes-
sions), at the end of each session, whether they
believed a patient would leave treatment in a deterio-
rated state and whether a patient was worse off at this
particular session compared with functioning at
therapy entry. Therapists were aware of the purpose
of the study, the dependent measure (OQ-45), and
cut-offs for judging deterioration and that the base
rate for deterioration was likely to be 8%. During the
3-week period, predictions were made for 550 clients
and compared with our empirical prediction method.
Only three of 550 clients were predicted to deterio-
rate, one of whom actually deteriorated. The thera-
pists did not identify 39 additional clients who
deteriorated during treatment. Despite being armed
with base-rate information and having familiarity with
the outcome measure used in the study, therapists
showed an inability to accurately forecast negative
outcome. Their predictions of deterioration would
have improved markedly if they had simply used their
judgment that a patient was worse off at any particular
session. Although correctly identifying 16 clients who
had worsened during treatment, they did not interpret
this information as a predictor of final patient out-
come. In contrast, the statistically based alarm system,
applied to patient scores during the same 3-week time
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period, identified 77% of the deteriorators but gen-
erated numerous false-positive results.

Unfortunately, when we designed the foregoing
study, practical constraints dictated that we use
algorithms based on the OQ-45 to predict deteriora-
tion based on the OQ-45 (as the standard for
predictive accuracy). It would be desirable to use a
battery of outcome measures coming from multiple
measures and sources as the predicted final out-
come. This limitation suggests the need for addi-
tional research on predictive accuracy of our
statistically based methods. Undoubtedly, multiple
measures and measurement sources would result in
varied estimates of negative outcome and varied
estimates of predictive accuracy. At the same time,
Beckstead et al. (2003) found considerable consen-
sus between different self-report measures in classi-
fying individuals’ clinically significant change based
on diverse self-report measures, including the Symp-
tom Checklist-90, Inventory of Interpersonal Pro-
blems, Social Adjustment Rating Scale, and Quality
of Life Inventory. Whatever differences in predictive
accuracy may exist as a result of different operational
definitions of patient deterioration (based on patient
self-report), we doubt that therapist ratings are the
most suitable means of judging this phenomenon.
The reader may recall the early work of Yalom and
Leiberman (1971), in which group leaders proved to
be very poor at judging which group members were
casualties, and group members were much more
aware of the negative impacts of the group and
leaders on some patients.

Methods of Preventing Treatment Failure

We have applied the foregoing statistically based
alarm system as an intervention for preventing
deterioration and enhancing positive outcomes in
patients. In addition, we have created, and provided
therapists with, problem-solving guidelines (clinical
support tools [CSTs]; Lambert, Whipple, Harmon,
et al., 2004) for helping such patients and provided
direct feedback about progress to patients them-
selves. In our current research, we have incorporated
administration of the OQ-45 (by means of hand-held
computers), scoring, and application of algorithms
into software called OQ-Analyst. A screen shot of
the software output is presented in Figure 1, which
illustrates the progress of a fictional patient, Brad
News. The OQ-45 is typically administered before
each session, making the Session 1 score a reflection
of the patient’s status before Session 1 and the
Session 8 score reflecting his status before Session 8.
Brad was predicted to have a negative treatment
outcome after undergoing a single session of treat-
ment (at Session 2). He again passed the cut-off

score for a red warning after seven sessions of
treatment. Messages consistent with his progress at
any session of interest are provided by OQ-Analyst.
At Session 8, another red alarm was sent. The
therapist could look below the graph and read the
message that is provided. Messages vary depending
on the size of the deviation from expected treatment
response (the dark sloping line) and amount of
therapy. Patient scores are displayed in the graph in
relation to the horizontal line at a score of 63, which
demarcates normal functioning. As can be seen, the
feedback report provides information about Brad’s
answer to five critical items, as they were answered
just before Session 8.

Five controlled studies have been published that
examine the effects of providing progress feedback to
patients (Harmon et al., 2006; Hawkins, Lambert,
Vermeersch, Slade, & Tuttle, 2004; Lambert et al.,
2001; Lambert, Whipple, Vermeersch, et al., 2002;
Whipple et al., 2003). Each study required about 1
year of daily data collection and evaluated the effects
of providing feedback about a patient’s improvement
through the use of progress graphs and warnings
about patients who were not demonstrating expected
treatment responses (alarm-signal cases).

Our primary question was, Does formal feedback
to therapists (or patients) on patient progress improve
psychotherapy outcomes? We hypothesized that pa-
tients identified as alarm-signal cases (those predicted
to have a poor final treatment response) whose
therapist received feedback will show better outcomes
than similar patients whose therapist did not receive
feedback (See also, Lambert, Whipple, et al. 2003).

The studies shared many things in common: (a)
Each included consecutive cases seen in routine care
regardless of patient diagnosis or comorbid condi-
tions (rather than being disorder specific); (b)
random assignment of patient to experimental (feed-
back) and treatment-as-usual (TAU) conditions (no
feedback) was made in all but one of the studies; (c)
psychotherapists provided a variety of theoretically
guided treatments, with more clinicians adhering to
cognitive—behavioral and eclectic orientations fol-
lowed by psychodynamic and experiential orienta-
tions; (d) a variety of clinicians were involved
(postgraduate psychotherapists and graduate stu-
dents each represented about 50% of the therapists);
(e) therapists saw both experimental (feedback) and
TAU (no feedback) cases, thus limiting the like-
lihood that outcome differences between conditions
could be due to therapist effects; (f) the outcome
measure as well as the methodology rules or stan-
dards for identifying alarm-signal patients (failing
cases) remained constant; (g) the length of therapy
(dosage) was determined by patient and therapist
rather than by research design or arbitrary insurance



Research aimed at improving psychotherapy

Name: news, brad ID:

Session Date: 10/25/2005 Session: 8
Clinician:  lambert, m Clinic: Clinic A
Diagnosis:  Unknown Diagnosis
Algorithm: |Empirical  {fj

Most Recent Critical Item Status:

Alert Status: Red
Most Recent Score: 106
Initial Score: 85

Change From Initial: Reliably Worse
Current Distress Level: High

Subscales Current

Outpat. Comm.

8. Suicide - T have thoughts of endingmy ~ Frequently Norm Norm
e; Symptom Distress: 61 49 25
11. Substance Abuse - After heavy Frequently YR
drinking, I need  drink the next moming to Interpersonal 26 20 10
get going. Relations:
26. Substance Abuse - I feel annoyed by  Frequently || Social Role: 19 14 10
people who criticize my drinking. y
32. Substance Abuse - I have rouble at  Sometimes Total: 106, 83 45
work/school because of drinking or drug
use.
44. Work Violence - I feel angry enough at Sometimes
work/school to do something I might regret.
Total Score by Session Number
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Graph Label Legend: .

(R) = Red: High chance of negative outcome (Y) = Yellow: Some chance of negative outcome
(G) = Green: Making expected progress (W) = White: Functioning in normal range

Feedback Message:

The patient is deviating from the expected response to treatment. They are not on track to realize substantial benefit from
treatment. Chances are they may drop out of treatment premarurely or have a negative treatment outcome. Steps should be
taken to carefully review this case and identify reasons for poor progress. It is recommended that you be alert to the possible
need to improve the therapeutic alliance, reconsider the client’s readiness for change and the need to renegotiate the
therapeutic contract, intervene to strengthen social supports, or possibly alter your treatment plan by intensifying treatment,
shifting intervention strategies, or decide upon a new course of action, such as referral for medication. Continuous

monitoring of future progress is highly recommended.

FEAVENDER: UNER N ¥ RESPCAILE FOM AKY AND ALL DECTSIONS AJTZICTNG PATIENT CARE. THE OQ-A IS XOT A DIAGKOSTIC TOOL AND SHOULD ROT O USAD AS SUCH [TISNOT A
mml}faa m&%ﬂ ?ﬁmnm EVALUATION RELTANGE ON THE OQ#-A I3 AT USER 'S 30LE RISK AND RESPONSIBEITY. (SER LICENSE (OR FULL STATENEXT OF RUCHTT S, RESONMEL ITIES &
DS AMMIRS)

Figure 1. OQ-Analyst screen shot illustrating feedback graph and report of patient progress.

limits; and (h) patient characteristics such as gender,
age, and ethnicity were generally similar across four
of the studies and came from the same clinic,
whereas the fifth sample (Hawkins et al., 2004)

was older, more disturbed, and treated in a hospital-

based outpatient clinic.

Another notable difference in the studies was that
two of the studies (Harmon et al., 2006; Whipple
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et al., 2003) extended the design of the first two
studies by including a second experimental condi-
tion. This was intended to strengthen the feedback
intervention by encouraging therapists to use Clin-
ical Support Tools (CSTs) (a problem-solving deci-
sion tree and additional measures) with alarm-signal
cases. The Harmon et al. (2006) and Hawkins et al.
(2004) studies also included two experimental con-
ditions aimed at comparing TAU with feedback to
therapists and feedback to therapists and patients.

Results from the combined studies are presented
graphically in Figure 2. As can be seen, the patients
identified as NOT (alarm-signal patients) had a
different outcome course depending on assignment
to the no-feedback or feedback treatment conditions.
Up to the point at which these alarm-signal cases
were first signaled or, in the case of the no-feedback
treatment-as-usual condition, could have been sig-
naled, the graph illustrates an average worsening of
about 10 points (about 0.5 SD on the OQ-45).
From the point of the alarm signal, all the experi-
mental (feedback [Fb]) groups (NOT-Fb, NOT-
Fb+CST, and NOT-Th & PT) improved, whereas
the no-feedback control (NOT-TAU) cases im-
proved to an average score near 80 and were, as a
group, slightly worse off than when they entered
treatment.

Also displayed is the outcome for on-track (OT)
cases that did (OT-FB) and did not (OT-TAU)
receive feedback. As can be seen, these patients
made steady progress and left treatment, as a group,
well within the ranks of normal functioning. It
appeared to make little difference in outcome for

feedback (green or white messages) to have been
given.

In the individual studies themselves, the effect
sizes (standardized mean differences) for the differ-
ence between various feedback conditions for the
NOT patients and NOT-TAU controls ranged from
.34 to .92. Such effect sizes are surprisingly large
when one considers that an average effect for
comparative studies (active treatments) typically falls
between .00 and .20 (Lambert & Ogles, 2004) and is
widely considered important enough to lead to a
recommendation of a best practice. Across the five
studies, some inconsistent results have been found.
Usually the provision of NOT feedback increases the
number of sessions that patients attend by about two
to three sessions and decreases sessions for OT cases
by 0.66 session, but not in Hawkins et al. (2004). In
about half the studies, feedback to OT cases
improved outcomes despite reducing treatment
length. Direct feedback to patients in the form of a
written message improved outcomes dramatically in
Hawkins et al. (2004) but had no impact in the
Harmon et al. (2006) replication. A second replica-
tion study is in the final stage of data analysis.

Table I presents a classification of alarm-signal
patients based on their final treatment status at
termination. As shown, 20% of the alarm-signal
cases seen by therapists who received no feedback
(NOT-TAU) showed a negative treatment outcome
at termination. In contrast, when therapists received
feedback that identified their patient as NOT, only
15%, 12%, and 8% of T-Fb, T/P-Fb patients and T-
Fb+CS, respectively, deteriorated. The rates for
alarm-signal cases showing clinically significant or

95
§g PN
2 80 = g ~-NOT-TAU
b= 75 ' LY NOT-FB
E 70 —NOT-FB + CST
S g B NOT-Th & PT
o \\ -—0OT-FB
S ‘s‘g S — OT-TAU
50
45 . : :
Pre-test Feedback Post-test

Figure 2. Change from pre- to posttesting of not-on-track (alarm-signal) and on-track patients. INOT-NFb =alarm-signal patients whose
therapist received no signal or message; NOT-FB =alarm-signal patients whose therapist received a red or yellow signal indicating they were
at risk for treatment failure; OT-TAU =patients who were making satisfactory progress and whose therapist never received any information
about their progress; OT-FB =patients whose therapist received a green or white signal and message and who were predicted to have a
positive outcome; NOT-FB + CST =alarm-signal patients whose therapist received feedback and used the clinical support tools; NOT-Th &
PT all patients who entered treatment and were assigned to receive feedback and whose therapist also received feedback; Pre-test =average
patient scores on the Outcome Questionnaire-45 at intake; Feedback =average patient score on the Outcome Questionnaire-45 at the point
at which a patient qualified for a yellow or red message (the time of warning varied across patients); Post-test =average patient Outcome
Questionnaire-45 score at the session at which treatment was terminated (number of sessions until termination occurred varied).
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Table I. Percent of Not-On-Track (Signal-Alarm) Cases Meeting Criteria for Clinically Significant Change at Termination Summed Across

Five Studies.

NOT-TAU*® NOT-T-FB® NOT-FB+CST* NOT-Th & PT
Outcome Classification n (%) n (%) n (%) n (%)
Deteriorated® 64 (20%) 90 (15%) 12 (8%) 19 (13%)
No Change 184 (58%) 316 (53%) 73 (47%) 71 (48%)
Reliable/or Clinically Significant Change® 70 (22%) 196 (33%) 169 (45%) 57 (39%)

*NOT-TAU =patients who were not on track and whose therapist was not given feedback.
® NOT-FB =patients who were not on track and whose therapist received feedback.
¢ NOT-T-FB + CST =patients who were not on track and whose therapist received feedback and used clinical support tools.

4 T/P-Fb =therapist feedback plus written direct feedback to patients.

¢ Worsened by at least 14 points on the OQ from pre-treatment to post-treatment.
f Improved by at least 14 points on the OQ or improved and passed the cut-off between dysfunctional and functional populations.

reliable change were also markedly different; the
highest rates of improvement were in the T-Fb+
CST condition (45%) compared with 22% in the
NOT-TAU condition. These data suggest that the
improved outcomes for patients in the experimental
conditions are not only statistically significant but
also of considerable clinical meaning for the indivi-
dual client.

Improving Outcomes Through Examination of
Therapists’ Effects

Because of the rather large database that has accu-
mulated over the years, and with the permission of
therapists, we have been able to evaluate the outcome
of patients as it relates to specific therapists in two
overlapping studies (Okiishi et al., 2003, 2006). After
testing for the effects of therapeutic orientation,
therapist experience, gender, and age, and finding
that these variables were unrelated to patient out-
come, we sought to compare outcome across 71
therapists who treated clients with equivalent levels
of initial severity. Each therapist saw a minimum of
30 patients (range =30-350+). As might be ex-
pected, there was considerable variability in patient
outcome as a function of which therapist treated a
patient. Patient outcome was normally distributed
across therapists. In general, therapists in the second
and third quartiles could not be distinguished
from one another based on their patients’ outcome,
but comparisons between the top and bottom
quartiles revealed statistically significant differences.

To give an example of the differences in outcomes
for extreme groups, the upper 10% (n = 7) and lower
10% (n=7) of therapists are contrasted here. The
top-rated therapists’ clients had an improved or
recovery rate of 44% and a deterioration rate of 5%,
whereas the clients seen by the bottom-rated thera-
pists improved or recovered at a rate of 28%, with
11% deteriorating. One therapist who saw more than
160 patients had a 19% deterioration rate, whereas
another saw more than 300 patients, with less than

1% deteriorating. For the purposes of quality im-
provement, such dramatic differences are well worth
exploring with regard to how these individuals
practice, an ongoing investigation. Such differences
also provide an immediate opportunity for a clinic to
enhance patient treatment response by decreasing
referrals to therapists with the poorest outcomes.

Because therapists were given anonymity in return
for participation in the data analysis, this informa-
tion could not be directly and immediately used to
enhance patient outcome, but further understanding
and use of this information for scientific and
humanitarian purposes are highly desirable. One is
reminded of the progress made in treating cystic
fibrosis as described by Gawande (2004) in an article
for the New Yorker: “The Bell Curve: What Happens
When Patients Find Out How Good Their Doctors
Really Are?” In the case of cystic fibrosis, life
expectancy was dramatically increased, presumably
as a function of examining and sharing (making
public) outcome data showing the variability in time
to death across specialty clinics and subsequent
examination of practices engaged in by the most
successful clinics. Certainly examining psychother-
apy outcome as a function of provider holds con-
siderable promise for patients, but little has been
done to facilitate such research or use the research to
enhance patient outcome.

Limitations and Implementation Issues

Given the large sample sizes in our clinical trials and
a combined overall sample size of more than 4,000
cases, the current findings on feedback seem com-
pelling. However, several limitations to our research
program should be noted. First, most of the results
summarized on feedback were based on data col-
lected in a university outpatient clinic. Studies in
other settings are needed. In addition to the Hawkins
et al. (2004) study, which was conducted in a
hospital-based outpatient clinic, a 2006 study of
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30-day inpatient treatment in Switzerland (Berking,
Orth, & Lutz, 2006) using similar methods has
replicated the effects of progress feedback, but
many more studies are needed to determine the
limitations and generalizability of such interventions.

Second, we made no attempts to dictate how
feedback was used by therapists (e.g., therapists were
free to share the information with patients or not,
depending on therapist preferences). Although this
methodology increases the likelihood that the results
reflect what will happen in other clinical settings,
clinicians’ actions with regard to reviewing feedback,
sharing it with clients, and or modifying treatment
remain largely unknown (with the exception of our
two studies in which we delivered feedback directly
to patients as well as therapists).

Third, our research is limited to a single self-
report measure of improvement and, therefore,
provides only one view of the impact of therapy on
patients. We are well aware of the fact that decisions
regarding the continued provision of treatment,
modification of ongoing treatment, and the like
cannot be made on the basis of a single questionnaire
or independent from clinical judgment. We envision
our feedback system as supplementing clinical deci-
sion making, a lab test result, rather than a replace-
ment for the clinician’s judgment.

A few comments on the practicality of implement-
ing a feedback system in routine care are in order.
Generally, clinicians do not see the value of frequent
assessments based on standardized scales (Hatfield
& Ogles, 2004), possibly because they are confident
in their ability to accurately observe patient worsen-
ing and provide an appropriate response. Despite
evidence suggesting that psychotherapists are not
alert to treatment failure (Hannan et al.,, 2005;
Yalom & Lieberman, 1971) and strong evidence
that clinical judgments are usually found to be
inferior to actuarial methods across a wide variety
of predictive tasks (Meehl, 1954), therapist con-
fidence in their own clinical judgment stands as
a barrier to implementation of monitoring and
feedback systems. In addition, clinicians are used
to practicing in private and with considerable
autonomy. Monitoring patient treatment response
makes the effects of practice somewhat public and
transparent. Such transparency inevitably raises
evaluation anxiety and fears of losing control.
Implementation requires the cooperation of thera-
pists and takes time before it is apparent to clinicians
that the feedback is helpful.

The practical difficulties of adding monitoring
activities to busy practices can be an important
barrier to implementation. Fortunately, recent de-
velopments in software programs make the possibi-
lity of instantaneous feedback to clinicians easy to

implement. If the patient takes the OQ-45 immedi-
ately before the scheduled psychotherapy session,
feedback through the OQ-Analyst is available to the
therapist before beginning that session.

We continue to work on implementation issues in
combination with further research studies. With
regard to implementation, we are incorporating our
problem-solving decision tree and CSTs into the
OQ-Analyst software. This will enable alarm-signal
patients to readily take assessments that facilitate
clinician problem solving and will provide interven-
tions strategies for therapist consideration more
rapidly. In addition to making implementation
automatic, we continue to modify our CSTs and
test their effects to facilitate problem solving with the
failing case.

Whereas most practitioners see themselves as well
above average, a phenomenon not restricted to
mental health professionals and psychotherapy, pa-
tient outcome is normally distributed across thera-
pists, with a small but important minority producing
dramatically positive and negative outcomes. As
noted earlier, we are recording therapy sessions of
therapists whose patients have unusually positive
outcomes and hope that studying these therapists
will reveal highly salient aspects of the healing
process and thereby enhance training and practice.

We have expanded our attempts to measure out-
comes by developing a shortened version of the OQ-
45 (the OQ-30) and a version to be used with the
severely and persistently mentally disabled. In addi-
tion, we have developed measures for children 17
years of age and younger, the Youth Outcome
Questionnaire and Youth Outcome Questionnaire-
30, and tested algorithms for identifying off-track
cases.

We hope that the results of our feedback studies
convinces practitioners that systematically monitor-
ing their patients with the methods described here is
in the best interest of patients and that researchers
will consider replication, improvement, and expan-
sion of our methods and findings.
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